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The Great East Japan Earthquake, approximately 60% of the fatalities occurred among

the elderly aged 60 or older. In response to this, it is required to make a list of person

who need assistance in evacuation activities. However, there has been no progress due to

the increase burden on supporter. Therefore, it is important to support the evacuation of

person in need of care during the disaster. In this study, we combine drones and artificial

intelligence to develop an evacuation support system for person in need of assistance. As

a result, it is possible to grasp the situation of evacuation routes and monitor evacuation
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Figl Human casualties due to the 2018 Japan Flood
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Fig2 Evacuation assistance for person in need of care
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Fig3 Mavic 2 Enterprise Dual (left) & DJI Tello (right)
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Fig8

Images taken by Mavic 2 Enterprise Dual

(left : Gokenzan, right : Kagawa University)
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Figl0 Result of vehicle detection(Gokenzan)
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Figll Result of vehicle detection(Kagawa University)
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Figl2 AR marker recognition by Tello

Figl3 AR marker on Tello camera
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